Connected

Drupalcon Baltimore
2017

3 Matt Smith

Director of Integrations
@smithworx

@ Lingotek

THE TRANSLATION NETWORK BALTIMORE
DRUPALCON 2017




Networks
Digital Flow
Transformation



Translation Network

© Lingotek




Cere—sgrvice
€ Lingotek
=S98

GeNerAL Putepose
;. (INTETZNAL)

GenerAL Pureose >

(EXTETRNAL)

= =
S =
CusTOM |INTEGRATION



""v
i

5

LR =y







social netwovks, a\q‘\'a m‘m‘m@
/ and moching \eavnind

7] Publications /

« Smith, M. (2011). A Computational Framework for Social Capital in Online Communities (PDF) June 2011.

« Smith, M., Giraud-Carrier, C., Stephens, 5. (2011). Measuring and Reasoning about Social Capital. Submitted.

= Smith, M., Giraud-Carrier, C., Dewey, D., Ring, 5., Gore, D. (2011). Social Capital and Language Acquisition during Study Abroad. In proceedings of 33rd Annual
Conference of the Cognitive Science Society.

« Prier, K. 5mith, M., Giraud-Carrier, C., Hanson, C. (2011). Identifying Health-Related Topics on Twitter: An Exploration of Tobacco-Related Tweets as a Test Topic.
International Conference on Social Computing, Behavioral-Cultural Modeling, & Prediction (SBP11), March.

= Smith, M. and Giraud-Carrier, C. (2010). Bonding vs. Bridging Social Capital: A Case Study in Twitter. International Symposium on Social Intelligence and Networking
{SIN-10). The Second IEEE International Conference On Saocial Computing (SocialCom-10), Minneapolis (USA), Aug. 20-22, 2010.

« Smith, M., Giraud-Carrier, C., and Purser, N. (2009). Implicit Affinity Networks and Social Capital. Information Technology and Management, 10(2-3):123-134,
September.

= Smith, M. (2008). Social Capital in Online Communities. In FIKM 2008: Proceeding of the 2nd PhD workshop on Information and knowledge management, pages 17-24,
Mew York, NY, USA. ACM. (Alternate Download Location)

« Lee, |., Huang, Y., and Smith, M. (2008) Dependency Mining on the 2005-06 National Health and Nutrition Examination Survey Data. Washington D.C, United States,
Movember 2008. American Medical Information Association (AMIA).

= Smith, M., Purser, N. and Giraud-Carrier, C. (2008). Social Capital in the Blogosphere: A Case Study. In Papers from the AAAI Spring Symposium on 5ocial Information
Processing, K. Lerman et al. (Eds.), Technical Report 55-08-06, AAAT Press, 93-37.

« Giraud-Carrier, C. and Smith, M. (2008). Web Mining: Stages of Knowledge Discovery in e-Commerce Sites. In Wang, |. (Ed.), Encyclopedia of Data Warehousing and
Mining, 2nd Edition, 1830-1834.

= Smith, M., Giraud-Carrier, C. and Judkins, B. (2007). Implicit Affinity Networks. In Proceedings of the Seventeenth Annual Workshop on Information Technologies and
Systems, 1-6.

« Smith, M. (2007). Implicit Affinity Networks. Brigham Young University.

« Smith, M., Wenerstrom, B., Giraud-Carrier, C., Lawyer, S. and Liu, W. (2007). Personalizing e-Commerce with Data Mining. In E-Service Intelligence: Methodologies,
Technologies and Applications, Ly, |., Ruan, D. and Zhang, G. (Eds.), Studies in Computation Intelligenge Series, Vol. 37, Springer, Chapter 12.

« Smith, M. and Giraud-Carrier, C. (2008). Genealogical Affinity Networks. 6th Annual Workshop on Technology for Family History and Genealogical Research.

« Smith, M. and Giraud-Carrier, C. (2005). Stages of Knowledge Discovery in Websites. In Proceedings of the First International Workshop on E-Service Intelligence at the
Eighth Joint Conference on Information Sciences.

+ Decrio, C., Cox, Spencer, Smith, M., Wan, ]., Clement, M., and Snell, Q. (2003). Survivability of Large Networks in the Presence of Malicious Attacks". Technical Report.
Metworked Computing Lab at Brigham Young University.



More neat

Naming Patterns...

Interesting
Naming Pattern
Through generations

ﬁdtﬁ.NETTE EaY g ottt
(= . i Deneie Kape e
. - Chrlon Michasd
Relatives sharing the e afiinn m— o i
same middle names s
DSIEWE.M;:MW .Bl.:kgi’mcsl .Ga-:tm[:wm .mnm
| e [ Dsstin Goegory .Fauu':;bhm e Leland T
..-E‘M Seoll ..Ilmn Ry .Mu o DLMEH
/ i Lelard
. Eabvin Ry g
Bany Scolt o @ SlernzJean
i o [stllborm|
a Interesting! e Wt '\.
T e [ Leein Jobin Comg 1T . o | illain)
both husband and wife's S Soispu - IR,
. o ] o v
maternal grandfathers . \ -
share the same first and John Richard N e T
middle names. @ Vi s _ & i
Charlome E sl ! () Beenda LEE
\\._._ =] ok Hugh
i D Lagrand .-"Eimrmi B GLE
| .'w‘lm NN
& Lesh Mauine S ) i Y
L » gy Lesh Mamorie .“m‘]m
e @ oms e /et Feed |7 g Codt Wikiam
| g Camite Maie N | i G witeed
.Em \ P .Hw'*'inm
.-Lu'l:.:ineMen:
.F’enda ,L:h
.P.-Tda B .'- . Halare LaF oy
Relatives sharing the Emfﬂ @ Shaon L | oo
same middle names Muchia Heny R Lerer




Networks
Digital Flow
Transformation



What kind of network is this?
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Railway Network
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Network Utility*

* The state of being useful, profitable, or beneficial









Utility is based on the
structure and size of the network



Network Size
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ARPANET GEOGRAPHIC MAP, SEPTEMBER 1983
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Network Structure



Broadcast Network

Sarnoff's Law
Utility is proportional to the number of viewers N



Peer Connecting Network

Metcalfe's Law
Utility is proportional to N(N-1)/2



Group Forming Network

Size | Groups #

2 {A,B}, {A,C}, {AD}, ..., {F.G} 21

3 {A,B,C}, {A,B,D}, ..., {E,F,G} 35

4 {A,B,C,D}, {A,B,D,E}, ..., {D,EF,G} | 35

53 {A,B,C,D,E}, ..., {C,D,EF G} 21

6 {A,B,C,D.E}, ..., {B,C.D,E.F.G} 7

7 {A,B,C,D.E,F G} (shown above) 1
Total groups: | 120

Reed's Law

Utility is proportional to N2



Network Utility
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How do you strategically connect?



<»

We connect with and build
strong relationships with partners



<»

We connect with and build
strong relationships with customers



<»

We connect with and build
strong relationships with systems
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What flows through
these new networks?
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For example...






We keep dynamic content
continuously translated overtime



Connectors for content systems



Web content changes 3% every month
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(Q) THE TRANSLATION NETWORK



30% of Enterprise content is reusable
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(Q) THE TRANSLATION NETWORK
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The most
localized
companies are
leaving

everyone else
behind.
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Continuous Globalization
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<»

Utility

Connections



<»

Utility

DiavAL TRANSFORMATION
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